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Find FAST Subject Headings (Instructions)

SEARCH FAST

Q, search

ABOUT SEARCHFAST

Welcome to the searchFAST user interface. This interface simplifies the process of heading selection, in an easy to use one-page design.

FAST subject headings were developed by adapting the Library of Congress Subject Headings (LCSH) with a simplified syntax, retaining the
making the schema easier to understand, control, apply, and use.
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to help sustain this open source project!

» models.ldamodel — Latent Dirichlet Allocation

models.ldamodel — Latent Dirichlet Allocation

Optimized Latent Dirichlet Allocation (LDA) in Python.

Math utils For a faster implementation of LDA (parallelized for multicore machines), see also

gensim. models. ldamulticore .
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BERT

BERT is a bidirectional transformer pretrained on unlabeled text to predict masked

a sentence and to predict whether one sentence follows another. The main idea is t
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BART (large-sized model), fine-tuned on CNN Daily Mail

BART model pre-trained on English language, and fine-tuned on CNN Daily Mail. It
was introduced in the paper BART: Denoising Sequence-to-Sequence Pre-training for

Natural Language Generation, Translation, and Comprehension by Lewis et al. and

first released in [this repository (https://github.com/pytorch/fairseq/tree/master/

examples/bart).
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My Bots Documentation Blog Emulator LuIs QnA Maker

Microsoft Bot Framework

A comprehensive framework for building enterprise-grade con{@8ational Al experiences.

Try Azure Bot Service for Free Download SDK from Github

Amazon Lex

https://aws.amazon.com/lex
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Amazon Lex Overview Features Pricing Resources ¥ Customers Ama

Products » Machine Learning » Amazon Lex
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Get 10,000 text and 5,000 speech requests free for 12 months =

Amazon Lex - Al Chat
Builder

sk Lala Tye0 LKA Aol iligng yg Al V) clae Lsall aals

Qlidy olat Hhaial mag . peddicaall A (ppowaty dadd)yll Gliaall cilaad

e oSy el e gy 8 Gl ) (e Taje (g5t ¢ el ) IS
cpeadiunall 28y ST Claagi anig oyl

Vo)



Clyskaill o3a A8)se M Cilaglaall Gl wsgay oSl £ lind (Sl pag
¥l e3a (pe ial) Baliiu) 48K Jon culaglaally ulia€all  valaidy
(Big Data & Decision c),all Miily dedi il clibad) Julas—¥
Making)

¢\SAll cilalas aal aaf (Big Data Analytics) desall culilll Julas ey
dalat Sl wgall (S Gun L ilaglaly il g Uad 3 (Al) el Y]
ccable) ccuaall Jaladf ¢ ppaadtsadll @l iy Aalatiall clilad) e Aila LS
Gl il i a3 laral) (prant b de Ly Lae caad)ll aleaal) plasinlg
.(Chen, Mao, & Liu, 2014) <l Je 43

:dadall bl Jalad ) clLagal) zlas 13kl

Gladd andlig agDle adt st (PR e et el Lpat g wad e

-

dowaianra
b Slondl) naaty Lobass il 5ol iaall ST agh e ddlads 3lsall B
Al Cile gandll

Glaall 3 Al e ilbadliwl jehatl UL e dine 8 das) .
Aplashaally L))

Sl 2elsdy dfindl ClalaDl adiie Julsd 85 e alall Gl ed
.(Zhao et al., 2019)

ilaglaally ClaSal) b dadidal) i) Jelad Lije

yoY



2ui€Sal) il gandl)
(il g L"*\j“ Q\Jl ) dglal 8)EN %) tlaj.’t—w\){b gL\;_\]\ 5l CAJ .
e LSl b ) i) g

e SY) Gandll gkl ac i dadiie )i dgig Adind) clalady) Jalas .
. (Chai, 2019).4&lull canill il

LAY a3y dadall bl Judad b ol oS3 el

Tableau 3181 sl
https://www.tableau.com / 31 dadl,

ey (62 Slal) sanlly bladl Jalas el saTableau
el Alg s A duly Cillabde ) sakeal) DUl Jga]
I bl Jalas 2alSY) lwsgally clially o) 80 iy cua gl
p—eat] Aadtial) sV e Ao sana aladn il Saalinsg O3
leaglly Bl ) alasiny el
(0 desiia degana aladinly Jdelss S clilull dalas
Lihall iyl i (didand cillalbis) cilaba)
(ke i
Lpeas Lelilas DA e bl Gy el Gilisan) o
sl aladials g3l ol Jeal) Gyl Ddelis )l i @
c Sl el

Silaladio)

Yoy


https://www.tableau.com/
https://www.tableau.com/

re olelal) o Aol aladicd @lily Judsy o
copeadicadl oyl 5l Al cala ol
AKal Jals clalatVlg AladD Ay )l clis) e
Gl Jay DA (e Laepd&Y) Sllyll Jilas @
e Glily blal ueadicdd)
dalae A3 LA aa cdegiae lpd) labaa sac Tableau .
ol gl Lpasladl @lgl alasinly rans B3g0a

W+ +tableau

from & Salesforce
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Stream Tableau Conference 2025 live from anyw|

The future of analytics
has arrived. Meet
Tableau Nexi.

Unlock your data’s full potential with agentic analytics. Deliver
trusted insights for everyone and enrich agents with Tableau
Next, built on Salesforce and integrated with Agentforce.

Power Bl (Microsoft)

https://powerbi.microsoft.com/

Sl Hgemilly Clilall Jalas ol (e degane 58 Power Bl
5 ) pAd bl Jiganl aadn oy .Microsoft ekt (1
el Lae o lilly Ao Ll cilaglaall Cilaglh A (e Bke

Yot

3

A2\t

O g
31y

B
311 dadl

gl


https://powerbi.microsoft.com/

ULl dageae )i M e ciluagally cli€ally oY)
Baaxie by yolaa JaiVl e 53l Power Bl
cAlggun Lelala
Llaiy) ekl dlelsn )l elaily bl Julas o
Llld) 8 clalasyl
Glileg Slilul) aelgd i deginall Slilall jalas dayy @
Aady (55 il Aylaal) dalaiy)y Excel
daly Hlg3l o Gul pe Dlelil) el ASHL @
) e il
Ol ASa e Ao€all aladindy dalaial) bl Jolas o
Al €Y (gginaly cclarsl alasind
Jaall 35 o) I Lganaiil Ade s Adipe o)l Slac) @
RGN ErLOA || <
223 Laanal€Y1 Balai¥) daslyeg Gpdsdicedd) by Jilas @
Alled g dgage il
Gld (8 Lo i @hla sae Microsoft Power Bl i
Pl sall ddlia) Gy ji55 degiae Takadg duilas dlad

= Microsoft | Power Platform Power Bl  About Power Platform +~  Solutic

Power Bl

Uncover powerful insights and turn them into impact

Connect to and visualize any data, and seamlessly
infuse visuals into the apps you use every day.
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Google BigQuery

https://cloud.google.com/bigquery
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Google Cloud verview Solutions  Products  Pricing e

BigQuery Google is a leader, positioned furthest in vision, in the 2024 Gartner Magic Quadrant for
o i BigQuery
How It Works . s
R Y
From data warehouse to

automomous data and Al platform 518

BigQuery is the autonomous data to Al platform, automating the
entire data life cycle, from ingestion to Al-driven insights, so you
can go from data to Al to action faster.

Gemini in BigQuery features are now included in BigQuery
pricing models.

Get started for free Contact sales
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Apache Hadoop

(R Y
The Apache® Hadoop® project develops open-source software { 5| {g‘
old
The Apache Hadoop software library is a framework that allows f
clusters of computers using simple programming models. It is de:
machines, each offering local computation and storage. Rather tt
itself is designed to detect and handle failures at the application |
cluster of computers, each of which may be prone to failures.
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All accounts > Default Account for Fire...
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@ To start collecting data make sure the Google Firebase SDK is
installed into your Android app.

Get setup instructions
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